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INTRODUCTION Current intervention loop starts with a crash METHODOLOGY A FASTER FEEDBACK LOOP
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regulatory compliance, improve driver safety and reduce the costs associated with driving. EROAD
also provides valuable insights and data analytics to universities, government agencies and others
who research, trial and evaluate future transport networks. This data enables those who use the roads
to influence the design, management and funding of future transport networks.
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Sources of driver behaviour data is a crucial gap in the understanding of the Safe s s ~.. harsh braking events “%, ‘peryear "
Systems approach, which means much of the interventions are in response to crash L L e e e S el N ] . . .
events, rather than occurring proactively B e SIS S s e By s, T o ercto Woodville .~ WA We believe every community deserves safer, more productive roads
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